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B. Munich vs PSG

FC Bayern

# Champions League Schedule - Standings

Munich

German football club

LATEST MATCH MATCHES

Champions League - Round of 16 - 2nd leg
Today - FT

B. Munich (3) 2-0 (0)

FuBball-Club Bayern Miinchen e. V., also known as FC Bayern, Bayern
Munich, or simply Bayern, is a German professional sports club based in

Munich, Bavaria. It is best known for its professional men's

Gnabry, Serge 89 @ fcbayern.com

Choupo-Moting, Eric Maxim 61"

Founded 27 February 1900 Stadium  Allianz Arena
Allianz Arena - Ref: Daniele Orsato o
President Herbert Hainer Head coach Julian Nagelsmann
See more v
mage: om. Data: en.wikipedia.org bundesliga.com
www.footballhistory.org - www.britannica.com - twitter.com - www.youtube.com
@ wwuw facebook.com - fchayern.com - www.instagram.com

Wikipedia text under CC BY-SA license,

6 Shots on goal 4

w See more w
10 shos 10 -
47.0% Possession % 53.0% Paris Saint-
See more v Germain F.C.

French football club

Al times are GMT Standard Time

Paris Saint-Germain Football Club, commonly referred to as Paris Saint-

Germain, Paris, Paris SG or simply PSG is a professional football club
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Data Mining with R: Learning with
Case Studies (Chapman & Hall/CRC

10 28/04/15 Amazon - . 1 £ 57.99 £2.75| £ 60.74 |204-5906330-5131568 Elena CC EDSA yes 4/27/2015 |Elena
Data Mining and Knowledge Discovery
Series)

11 21/05/15 Amazon [Hadoop: The Definitive Guide 1 £ 33.50 Elena CC WD Aqua yes 26/5/15 |Elena
Writing That Works, 3e: H t

12 21/05/15 Amazon ning _a orKs, 3¢ .OW O_ 1 £ 9.62 £0.00 £ 88.92 |204-3028730-2112362|Elena CC WD Aqua yes 26/5/15 |Elena
Communicate Effectively in Business

13 21/05/15 Amazon |The Elements of Style 5 £ 9.6 Elena CC WD Aqua yes 26/5/15 |Elena
On Writing Well: The Classic Guide t

14 21/05/15  |Amazon |0 'riing Vel The Llassic Guide to 5 £ 358| £14.00| £ 31.90 |203-5118543-003311 Elena CC WD Aqua ves 4/6/2015 |Elena

Writing Nonfiction
15 21/05/15 Amazon |R Cookbook 1 £ 26.50 203-0322709-5321116(Elena CC EDSA yes 26/5/15 |Chris
Agile Data Science: Building Data

16 21/05/15 A 1 £ 26.50 El cc EDSA 22/5/15 |Chri
105/ mazon Analytics Applications with Hadoop ena yes /5/ s

Python for Data Analysis: Data

17 21/05/15 Amazon |[Wrangling with Pandas, NumPy, and 1 £ 16.46 £4.52 £100.48 Elena CC EDSA yes 26/5/15 |Chris
IPython

18 21/05/15  |Amazon |Fro8ramming Collective Intelligence: 1 £ 26.50 Elena CC EDSA es 26/5/15 | Chris
Building Smart Web 2.0 Applications ) v
Ci lexity Th d the Social Ordered by Nichola vi

19 23/6/15  |Amazon |-CTPIEXItY Theoryandine socia 1 26.09 £ 26.09 raered by RICnO1a Via 1yp aqua 23/6/2015 |Elena

Sciences: The start of the art Shaun Ford

Sharing data online
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Logbook of the USS Burton Island from a voyage to the Arctic in 1948




Web of Documents Web of Data

Typed Links
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“Documents”

(Source: Fensel, 2013)

Tim Berners-Lee

Date: 2006-07-27, last change: $Date: 2009/06/18 18:24:33 $
Status: personal view only. Editing status: imperfect but published.
Up to Design Issues

Linked Data

The Semantic Web isn't just about putting data on the web. It is about making links, so that a person or machine can explore the web of
data. With linked data, when you have some of it, you can find other, related, data.

are relationships anchors in hypertext documents written in HTML, for data they links between arbitrary things described by RDF,. The URIs On the web

Like the web of hypertext, the web of data is constructed with documents on the web. However, unlike the web of hypertext, where links UNKED “PEN DATA’

identify any kind of object or concept. But for HTML or RDF, the same expectations apply to make the web grow: 7 @
y any ) P P PPly g Machme-readable l
1. Use URIs as names for things Non-proprietary
RDF standards
Linked RDF

2. Use HTTP URIs so that people can look up those names. |S YOUR DATA 5 *3

3. When someone looks up a URI, provide useful information, using the standards (RDF*, SPARQL)

4. Include links to other URIs. so that they can discover more things.

Simple. In fact, though, a surprising amount of data isn't linked in 2006, because of problems with one or more of the steps. This article discusses solutions to these problems, details of
implementation, and factors affecting choices about how you publish your data.

The four rules

I'll refer to the steps above as rules, but they are expectations of behavior. Breaking them does not destroy anything, but misses an opportunity to make data interconnected. This in turn
limits the ways it can later be reused in unexpected ways. It is the unexpected re-use of information which is the value added by the web.

The first rule, to identify things with URIs, is pretty much understood by most people doing semantic web technology. If it doesn't use the universal URI set of symbols, we don't call it
Semantic Web

The second rule, to use HTTP URISs, is also widely understood. The only deviation has been, since the web started, a constant tendency for people to invent new URI schemes (and sub-
schemes within the urn: scheme) such as LsIDs and handles and XRIs and DOIs and so on, for various reasons. Typically, these involve not wanting to commit to the established Domain
Name System (DNs) for delegation of authority but to construct something under separate control. Sometimes it has to do with not understanding that HTTP URIs are names (not addresses)

and that UTTD nama lnnkiin ic 2 ramnlay nawarfil and aunliina cat nf etandarde Thic icciia dienticead ot lanath aleawhara and fima dnac nat allaw tie tn dalia intn it hara T @@raf TAR

(Source: W3C, 2006)
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The theory and practice of the web are not
the same
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2022 1573 2.6 M
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B European
Commission

data.europa.eu - The official portal for European data

Home Datasets v  Documentation 2

Publications v data.europa academy

O g

B Ewgisn

News&events v  Contactus

European .
E Commission O Login Bl Engiish e atase

data.europa.eu - The official portal for European data

Search

e Datasets
Open Data Maturity in Europe
football Datasets v n Home Datasets Documentation Publications data.europa academy News & events Contact us
Home > Datasets > Statistics on football-related arrests and football banning orders
Publisher @ Datasets found (542) Sortby: | Relevance .
® 500 Select . =] Statistics on football-related arrests and football banning
2014
. orders
Formats ® Sports facilities — Beach football
el . Preview available at the following Geoportal URL https://callejero.malaga.eu/?gplayers=deporte-futbol-playa £i= datagov.uk
elect
Datasets v
‘ “ uson] k] Esrisha [ esv] om. |
Catalogues @ s setaset feed Linked data = Gite =
-
Select .
Annual release of statistics for football-related arrests and football banning orders.
c. . Publisher Name: Home Office
1620 007 176 36 Categories @ football City — Decades List Breakdowns provided are by offence, club supported, overseas arrests and arrests by
location (inside/outside stadium). R . B
Datasets Catalogues Countries Select . List of Decades Catalogue  Added to data.europa.eu: 12
Source agency: Home Office Record 07:C
European public sectordatasets Datasets grouped by cataogue Explore datasets by country D
sson] 1sv | ror [
Keywords ® Designation: Experimental Official Statistics
1358 190 1 B Bovooun
- Language: English
News pieces. Data storles Courses Select
Alternative title: Statistics on football-related arrests and football banning orders
Nws relted 0 pen data Inspiring sories about open data Leaning matera on open data Showmore v

Events

PYRl Open DataDay 2023
wr R

2028

PP Masters of Digital 2023
N @ onne. cuope

2023

PPBPYJ Conference ENDORSE
PPt 2023

Q Oniine, Europe.

Distributions (30)

data.europa.eu (1.6M datasets from

170 publishers in 36 countries
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‘Overview
Top 12 Catalogues Weight Directorate-General for Migration and Home Affairs
Top20 all Catalogues 100 Points 100 Points 110 Points 75 Points 20 Points 405 Points BB Directorate-General for Migration and Home Affairs

Country Name Findability Accessibility Interoperability ~ Reusability Contextuality Rating Catalogue dashboard | Distribution accessibility issues (0) DCAT-AP Schema Violations (54)

European Union 100/ 100 100/ 100 80/ 110 75/75 /20 ST

. Intellectual - -
Property Office
(EU)

. European 98/ 100 97 /100 77/110 75/ 75 10/ 20 Rati ng evolution @ Good
Central Bank
(EU)
Directorate- 100/ 100 100/ 100 607110 75175 15/20

. General for E Findability 100 /100
Migration and

Home Affairs
(EUROPE)
Time based search 100% Geo search 100% Keyword usage 100% Categories 100%
. Directorate- 90/ 100 100/ 100 72/110 75/75 10/20 Good
General for -
Education,
Youth, Sport and
Culture I
(EUROPE) Accessibility 100100

. Eurcpean 100/ 100 100/ 100 60/110 75175 10/20 00
Research
Council
Executive
Agency (EU)

Most frequent acces... 200 Download URL 100% Most frequent downl... 200

[}

(]
a a

. Executive 100 / 100 100 / 100 60 /110 75176 10 / 20
Agency for
Small and
Medium-sized
Enterprises
(EUROPE) Non-proprietary 0% Format/ Media type ... 100% Machine readable 100% DCAT-AP compliance 0%

00!

Interoperability 60 110

. European 90/ 100 100/ 100 70/110 75/75 10 /20 00
Agency for
Safety and
Health at Work
(EU)

a

Media type 100% Format 100%

. European 80 /100 100/ 100 80/110 75175
Political Strategy
Centre (EU)

00!

Reusability 75175

15
o
(2] 2]
a

. Eurcpean Union 90/ 100 100/ 100 60/110 75175 13/20 Good
Agency for
Cybersecurity
(EU)

Contact point 100% License information 100% License vocabulary 100% Access restrictions 100%

Publisher 100% Access restrictions v... 100%
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Datasets by data theme  Datasets per origin ~ Datasets per origin and catalogue

Total Number of Datasets: (REILEZ14

Percentage of total Number of
Data theme ~ Trend per year datasets Datasets
Agriculture, fisheries, forestry and food 29 % 379333 EVOI u ti 0 n ove r ti m e
Economy and finance 5.25 % 67 337
Total Number of Datasets | Datasets by data theme  Datasets per origin  Datasets per origin and catalogue
E H Education, culture and sport 15 % 21034
Energy 0.75 % 8781
400 000
Environment 20.75 % 273604
— Justice, legal system and public safely ., o
I Environment
Government and public sector 5% 98575 I A oricuiture, fisheries, forestry and food 500 oo
Regions and cities
. conomy and finance 250 000
@57 Health 1.25% 16 899 I Ecoro 250 00C
o ‘ I Government and public sector
Population and society 200 000
Iﬁfj International issues 0.09 % 1143 I science and technology
- Transport 150 000
- Education, culture and sport
516 Justice, legal system and public safety 14.5 % 188 893 ‘ 100 000
=) — I Healtn !
I ntemational issues
&= S
Population and society 4.25 % 54 282 I creroy
Provisional data - 0.01% 125
Regions and cities 4.25% 55050
<z -
Science and technology 7.5% 98616
Transport 3.75% 47 855
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Unique features of data.europa.eu

1. The challenge is ta present a heterogeneous and
large amount of data coming from different % &
countries and domains in a way that makes sense. From quantity to quality

= = Current priorities are to imprave the quality of
= metadata, to allow for interaperability, and the
relevance and quality of the data.

2. There s still a big data comparability
issue and a need to link the data
together to make them more
findable and understandable

Institutions,
There is also a need to improve goverments,
linking between EU data and agencies,

Member States data. companies, etc.

over a million High-quality metadata

k i
Different = palets e — R —_— === Professionals,
languages e T et e = e 42 —====E= developers,
guag I_I. journalists,
Harmonised data research

data.europa.eu 3
community, etc.

3, We provide access to over a
million datasets, which requires
full automation, hindering the
checking of quality at a
sufficient level of detail.

Systems,
software, etc.

Different

—
countries = Common metadata L2

language (DCAT-AP)

Poor-quality metadata -

datacurepa.cu ot v s (o)

Multilingual EU reference data
Data become harmonised by being ﬁ
categerised into domains via data themes.

Studies v data.europa academy Contact

Metadata

They are described with the same High quality

metadata language (DCAT-AP), —

harmonised and linked using multilingual = ) ) L .

EU reference data. S Dataset Categories Quality  Similar Datasets Feedback Share ~ DatasetFeed I Cite ~
= = Poor quality

Consolidated list of persons subject, under EU sanctions, to travel restrictions

Directorate-General for Financial Stability, Financial Services Publisher: Directorate-General for Financial Stability, Financial
and Capital Markets Union Services and Capital Markets Union

In its policy, the European Union intervenes when necessary to prevent conflict or in response to emerging or actual crises. In certain cases, EU intervention can
take the Form of restrictive measures or 'sanctions’. One type of measure are restrictions on admissions (travel bans or travel restrictions) targeting individuals.
This dataset contains the Consolidated list of persons subject, under EU sanctions, to travel restrictions.

Disclaimer: While every effort is made to ensure that the database and the consolidated list correctly reproduce all relevant data of the officially adopted texts
published in the Official Journal of the European Union, the Commission cannot accept any liability for possible omissions of relevant data or mistakes, and for
any use made of the database or of the consolidated list. Only the information published in the Official Journal of the EU is deemed authentic.
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Country Insights

This section provides insights
into the status of open data in
European countries. The
section includes information
about countries' national open
data portal, the level of open
data maturity, use cases,
catalogues, events, reports,
news, webinars, and
interviews about open data.
Read more...

Use Cases

This part of the portal contains
use cases from both
publishers and re-users of
open data. The use cases
provided below are gathered
via the 'Tell us your story' form
on the portal or shared with us
by other contacts. This

section of the portal will grow
over time. Read more...

Open Data Impact

The 2020 report on the
Economic Impact of Open
Data researches the value
created by open data in
Europe. It is the second study
by the European Data Portal,
following the 2015 report. The
study forecasts the open data
market size and the
employment growth for 2025.
Impact is exemplified by
efficiency gains and cost
savings due to open data.
Read more...

Tell us your story

Share your story about how
you make use of open data.
Read more...

Home Datasets
Open Data Maturity Studies

A series of indicators have
been selected to measure

A collection of papers that
discuss various relevant

Home > Publications > Use cases

European
Commission

v Documentation (2

[<]

Q Log in

English

data.europa.eu - The official portal for European data

Publications v data.europa academy News & events __ v Contact us

900+ use
casesl!!!

Search results (906)

[<]

open data maturity across topics around open data, such Use cases
Europe. These indicators as barriers in working with
cover the level of open data, high-value Filter by
development of national datasets, and business-to-
policies promoting open data, government data sharing. Country
an assessment of the features Read more...
. . -Any -
nlade available on national
data portals as well as the Region
expected impact of open data.
Read more... ‘ - Any -
Sector
‘ -Any -

[

The Use Case Observato Type of Use Case

A 3-year monitoring of 30 reuse cases to understand the Select a type of us

[<]

economic, governmental, social and environmental impact of
open data

Volume |

loves this
data.curoc

portal for European data

Regions & Cities | 23 April 2021
EUTwinnings 3

The goal of the EU Twinnings application is to allow users to find their area’s twin (an area with the
most similar statistics data) and explore similar regions of the EU. Simply fill in the city name and...

Show more v

Population & Society | 23 April 2021
Fake News Shield Z3

Fake News Shield is an application that detects fake news for the population by scanning several
sources for their credibility using machine learning. As a stand alone app, it can be installed on the...

Show more v

Regions & Cities | 23 April 2021
Fix my Berlin 3

The transformation to the bicycle city Berlin is presented on the FixMyBerlin platform in an
understandable and comprehensible way on maps. FixMyBerlin coordinates with the districts and...

Show more v

Agriculture, Fisheries, Forestry & Foods | 23 April 2021
Irrigation Calculator 3

The irrigation calculator is a simple tool developed with the use of research open data for the
Agricultural Research Institute that can be used by farmers and other stakeholders to calculate the...

Show more v
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Total datasets 6636(Total distributions 8780
An Assessment of Adoption and Quality of Successful distribution download 8016|Failed distribution downloads TG4
Linked Data in European Open Government Sueceessful distribution validation G990 Failed distribution validation 1026

Data * Datasets with at least one valid distribution|5856( Triples inspected 137, 208, 657

Luis-Daniel Ibé.fls:zl|°U°°‘°UO“6993‘°U°1]. lan Millard?, Hugh Glaser?, and
Elena Simper] 1100000003 1722-947X]

L Domain # (%) of datasets

u_d_i::;j:i‘}: j;;f;‘l‘;{;::;gfic_uk www.dati.lombardia.it 2836 (48.4%)

2 Semed Ltd. opendata.aragon.es 1252 (21.4%)
{ian.millard,hugh.glaser}@semed.com dﬂti_DpGndatﬂgrﬁundjt

- a0
{Commne AlbanoLaziale) 1011 (17.3%)

Eurgpean ( - -
CES, 1t ..-.%.“. carorolos
O U-V o - Wb Q. AT liv@neziafiulf.i
deseribing open dataset TatO5.SalMEnder. &5
5y T Fin (BT nexo.carm.es (Re 1 Murcia)

a single ; int of ac

ov.1uk

reus S ferenceable

W A d

1 Introduction

Linked Data refers to a set of principles, technologies and practices that facilitate
data integration. Publishers are encouraged to adopt them to make their data
more useful [5] Linked Data makes it easier for developers to access and combine 100000 Accessibility
datasets from different sources. To unlock the value of their data, publishers are
advised to [5]: 20000

Most fraquent acss. 200 Download URL 25% Most frequent down 200

Interoperability

1. use URIs to name things and relationships among things;

2. use HTTP URIs so those names can be looked up :a technique called deref- 60000 Roprrsess; G R (R £9% | DCATAR complence %
erencing); Modia type 25% Fomat %
3. return useful information upon lookup of URls, using open standards such
as RDF; and #0000 Reusability el
* Supported by the European Data Portal, an initiative funded by the European Union Conact ot % Il 2 4
20000 Pubisher 8% Access resticions v %

o

RDF PDF TXT CS¥ TSV X5 XL5X OD5 XML J50N

Date ofissue 44% Modification date 6% Fiosizo 6% Rights 33%




The use of linked open data improves clarity and can
be of great help in correlating pieces of informationin
different areas or systems (e.g. documents and texts
with laws, projects with policies) and identifying
relationships that might not otherwise be apparent

Sources

5

Dacuments and Prajects with Systems
texts with laws policies

* * & ®

Semantic web

NN R N

LOD-ready vocabularies

B

Global Documents Projects with Systems LOD opens
semantic and texts policies new paths for
web with laws development

Cellar

The semantic repository
of the Publications Office

Publications Office

EU Vocabularies

Home Controlled vocabularies v Models v LIHLEELGIIECEIERNAN Online tools ~  Releases Help v

© ) EU Vocabularies ) Business collections

Business collections

3y w
AKN4EU
‘ AKNA4EU is the future machine-
\ readable structured format for the
exchange of legal documents in the
‘ EU decision-making process
/i

Collections of semantic assets linked to

concrete projects give an easy overview of

the applied vocabularies and provide an

introductory platform for authors to present Space

their projects. Common European Skills Data
Space is a European framework to
support the transparency and
understanding of skills and
qualifications acquired in formal,

Learn more >

‘Common European Skills Data

Learn more >

DCAT-AP for data portals in
Europe

The DCAT Application profile for
data portals in Europe (DCAT-AP) is
a specification based on the Data
Catalogue vocabulary (DCAT) for
describing public sector datasets

Learn more >

BITS (Book Interchange Tag
Suite)

The Publications Office has
selected BITS (Book Interchange
Tag Suite) as an XML mark-up
model suitable for the production
of general publications.

Learn more >

Core Vocabularies

Core Vocabularies are simplified,
re-usable and extensible data
models that capture the
fundamental characteristics of an
entity in a context-neutral fashion.

Learn more >

Digital Europa Thesaurus (DET)
The Digital Europa Thesaurus (DET)
is a multilingual thesaurus covering
the main subject matters of the
European Commission's public
communications.

Learn more >

« share

CDM (Common Data Model)
CDM is the Common Data Model of
the resources published by the
Publications Office of the European
Union.

Learn more >

Corporate Reference Data
Management

The objective of the Corporate
Reference Data Management
coordination group is to build
consensus on a corporate reference
data management policy.

Learn more >

ELI (European Legislation
Tdentifier)

The technical specifications of the
European Legislation Identifier (EL))
can be found here.

Learn more >

@ Help



69 | Data Publishers

419,000 | Opportunities openly

published every month

Locations covered b
1200+ | 4

open data sessions

OpenActive Vocabulary

Vocabulary Terms Documentation W3C Community Group About OpenActive

OpenActive Vocabulary Terms

The terms in the OpenActive Vocabulary, listed below, are defined within the Modelling Opportunity Data and Open Booking API
specifications.

These specifications are being developed by the OpenActive W3C Community Group.

This vocabulary is also available in JSON-LD format via a GET of the URL "https://openactive.io/" using an Accept header of
application/ld+json, and additionally via a CDN at the URL "https://openactive.io/ns/oa.jsonld" for production use.

For more information, see the developer documentation.

Classes

AgentBroker
AttendeeAbsent
AttendeeAttended
AwaitingSellerConfirmation

BabyChanging

Example data types

— ®
oooo
8888 2

Events Sessions

EEE=

Facilities Leagues and Courses Online

Ringers Classes

Example data properties

O & 0

| 7

M=

4

>4

Routes

P9 00 3

Time Prices L Descripti Images Gender Age Range Difficulty
Restriction Level
For developers  Find a system provider
Why open data? Whatyoucando Howtodoit Toolsand resources ~About
OpenActive

Using data to help get
people active

Our aim is to make it as easy to find and book a tennis court as it is to book a
hotel room.

We are a community-led initiative for the sport and physical activity sector.
Publishing open data about where, when and what activities take place can make it
easier for people to find and book activities online. OpenActive develops a standard
format to publish and use data about activities.

Read more

How does OpenActive work? "+ viese >




myS.:ciety Feburary 2023

Unlocking the value of
fragmented public data

Recommendations for policy makers

Alex Parsons and Anna Powell-Smith

Rating

Use cases

Filter by linked data n
Country
‘ oy - Search results (2) Sortby | Publication date v

[<]

=
Sector Government & Public Sector | 21 May 2019
DublinDashboard E3
-Any - v
Dublinked is the open data portal for the city of Dublin. At the website, users can download

Type of Use Case information on, among others, transport, energy and the environment, public health and recreation. ..

Show more v

<]

Re-use, Release

Science & Technology | 26 March 2018
Clear filters .
Linked Data Center E3
The Linked Data Center helps any business in extracting value from data, by converting them into
smart and connected data

ltems per page v

Description

Bronze

Silver

Gold

Diamond

Available on the web, in any format, with an open licence.

The same as for one star, plus available as machine-readable
structured data.

The same as two stars, but available in an agreed format for the data

(i.e. matching a schema, or using a standard template).

All of the above, but the file, or a reference to the file, is also
published in a central repository.
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Google

football dataset X & @

Q Al [ Images [ News [3] Videos [ Books ¢ More Tools

About 4,670,000 results (0.35 seconds)
m DataHub.io
https://datahub.io » collections » football 3

Football Data - DataHub.io

13 Dec 2017 — Football Data. A collection of awesome football datasets including national
teams, clubs, match schedules, players, stadiums, etc.

k Kaggle
https://www.kaggle.com » datasets » hugomathien » so...  §

European Soccer Database - Kaggle
The ultimate Soccer database for data analysis and machine learning. What you get: +25,000

matches; +10,000 players; 11 European Countries with their lead ...

https //www.kaggle.com » datasets » martj42 > internat...

International football results from 1872 to 2022 | Kaggle
This dataset includes 44,341 results of international football matches starting from the very first
official match in 1872 up to 2022.

& Data.world
hitps://data.world > datasets » soccer

There are 38 soccer datasets available on data.world.

There are 38 soccer datasets available on data.world. Find open data about soccer contributed

Datasets :

https://www.kaggle.com/hugomathien/soccer
European Soccer Database

Oct 23, 2016 — The ultimate Soccer database for data analysis and machine learning What you get:

+25,000 matches +10,000 players 11 European Countries with their lead championship Seasons 2008 ...

Licence: Open Database License (ODbL) v1.0 Format(s): zip

https://www.kaggle.com/datasets/vivovinco/20212022-football-player-stats

2021-2022 Football Player Stats

May 29, 2022 — Context This dataset contains 2021-2022 football player stats per 90 minutes. Only
players of Premier League, Ligue 1, Bundesliga, Serie A and La Liga are listed. 2022-2023 Football ...

Licence: CC BY 4.0 Format(s): zip

https://data.world/data-society/european-soccer-data

European Soccer Data

Feb 1, 2023 — The ultimate Soccer database for data analysis and machine learning What you get:

+25,000 matches +10,000 players 11 European Countries with their lead championship Seasons 2008 ...

Format(s): zip

45 million
datasets

DCAT,
schema.org
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ific Subsets of the Schema.org Data

Subset General Stats Related Classes Slze_ Download (Sai
(# Files)
Quads: 77,960,962 http://schema.org/City (2,154,382) 923.8 MB Administrative/
URLs: 381,624 http://schema.org/ImageObject (1,260,633) (1)
eArea Hosts: 2,695 http://schema.org/AdministrativeArea (932,550)
http://schema.org/Person (819,487)
http://schema.org/Listltem (810,411)
Quads: 54,033,331 http://schema.org/Airport (4,569,542) 415.83 MB Airport (sample
URLs: 160,852 http://schema.org/GeoCoordinates (2,461,017) (1)
Hosts: 538 http://schema.org/Flight (1,593,849)
http://schema.org/Airline (1,473,676)
http://schema.org/Offer (1,244,616)
Quads: 1,485,993,805 http://schema.org/Answer (53,728,963) 26.69 GB Answer (sampl
URLs: 13,279,199 http://schema.org/Question (45,624,470) (15)
Hosts: 251,442 http://schema.org/ImageObject (30,813,788)
http://schema.org/Listltem (30,093,835)
http://schema.org/Person (18,278,578)
Quads: 308,456,812 http://schema.org/Book (13,434,918) 7.67 GB Book (sample)
URLs: 4,999,213 http://schema.org/Country (7,685,986) 4)
Hosts: 21,623 http://schema.org/Offer (7,381,043)
http://schema.org/Person (6,792,930)
http://schema.org/Listltem (3,755,829)
Quads: 213,841,120 http://schema.org/City (5,832,337) 2.25GB City (sample)
URLs: 1,152,893 http://schema.org/ImageObject (3,890,159) 3)
Hosts: 11,786 http://schema.org/Person (3,482,668)
http://schema.org/Listltem (3,132,617)
http://schema.org/PostalAddress (2,928,984)
Quads: 154.890.333 htto://schema.ora/ColleaeOrUniversitv (5.643.657) 2.15GB ColleaeOrUnive

8 schema:Product

™
schema:LocalBusiness
100M )
B schema:Review
500K
8 schema:Event
OM 0
2015 2016 2017 2018 2019 2020 2021 2022 2015 2016 2017 2018 2019 2020 2021 2022

Crawl
Development of Selected schema.org Classes by #PLDs - Microdata format

Crawl
Development of Selected schema.org Classes by #Entities - Microdata format

800M
™ B schema:PostalAddress
600M 8 schema:Product
schema:LocalBusiness
500K 400M
B schema:Review
200M
B schema:Event
/§/~\_
e
0 0
2012 2013 2014 2015 2016 2017 2018 2019 2020 2021 2022 2012 2014 2016 2018 2020 2022
Crawl Craw!

ded JSON-LD, and Microformat

and Microformats data sets which have been extracte

) billion pages contained in the crawl (46.88%). These
data sets consist of 86 billion RDF quads.

licroformats data sets are given on the page how to ge
ta and JSON-LD corpora.

mains are not counted as separate domains.

There is a lot of annotated data
online, especially about locations,

products, businesses
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Be discoverable

Co-locate tools Be measurable
Co-locate
Documentation - Promote use

Open
Data

Portals
o Organise for use

Be accessible

Link Data

@m

Publish metadata

Promote standards

(Source: Walker & Simperl, 2017)

data.

academy

24
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The ten guidelines

Organise for use of the datasets - rather than simply for publication

Promote use through data storytelling and community building, borrowing from open-source communities and other
peer-production systems

Invest in discoverability best practices, borrowing from e-commerce and web search

Publish good quality metadata - to enhance reuse

Adopt standards to ensure interoperability

Co-locate tools so that a wider range of users can be engaged with

Link datasets to enhance value

Be accessible by offering options for from APIs to CSV downloads

Co-locate documentation - users should not need to be domain experts to understand the data;

Be measurable - as a way to assess how well they are meeting users’ needs.



Operationalising the guidance

Literature review to develop 5* schemes to operationalise indicators.

Application of the schemes on 10 open data portals at different maturity level.

Be discoverable

Co-locate tools Be measurable

Co-locate
Decumentation - Promote use
Open
Data
Portals
Link Data ~ Organise for use
Publish metadata Be accessible
Promote standards

(Walker & Simperl, 2017)

LINKED DATA

On the web, open license
Machine-readable data
Non-proprietary format
RDF standards

Linked RDF

IS YOUR DATA 5 = ¢

Bronze | Siver | Gold | Platinum
Openly licensed & legally reusable (= ‘open’) v v v v
Clear rights statement, detailing any copyrights v v v
Privacy issues addressed v v v
Machine readable rights statement v v

Practical

Accessible on the web v

Discoverable (linked to from other web pages)

Data is timestamped or up to date

NENENEN

Data will be available for at least a year

Guaranteed timeliness (data always up to date)

Regular backups of data

[NENENENENENEN
NES PN EN RN RN RS

Quality issues documented

Technical

Data uses a machine readable format v

Data published in content appropriate formats

Data uses open standard machine readable formats

Single consistent URL for downloading data

Machine readable provenance documentation

ENENIENEN
NES PN RN RN RN

URLs used as identifiers within data

Data is documented M

Contact details for people to provide feedback and ask questions

Machine readable metadata (documentation)

Social media accounts used to promote data

INENESNENEN

Forum or mailing st for users

INEN PN RN RN RN

Dedicated comms team building user community
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Example: Organise for use

Each dataset is accompanied by a comprehensive descriptive
record (going beyond a collection of structured metadata)

An extract of the data can be previewed (for sense making)

The portal provides recommendations for related datasets

The portal enables users to review/rate the datasets

Keywords from datasets are linked to other published datasets




"ENDORSE

Example: Co-locate documentation

Supporting documentation does not exist.

Supporting documentation exists, but as a document found separately from the data.

Supporting documentation is found at the same time as the data (e.g. the link to the document is
next to the link to the data in the search).

Supporting documentation can be immediately accessed from within the dataset but it is not context
sensitive (e.g. a link to the documentation or text contained within the dataset).

Supporting documentation can be immediately accessed from within the dataset and it is context
sensitive so that users can immediately access information about a specific item of concern (e.g. a
link to a specific point in the documentation or the text contained within the dataset).
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be Data.gov.be *:;igata.g oV.Cy ’.. OPENdata
TRENTINO

£3 data gousk [REPRNN

st edny portal vere nych sluiieb ludom

The luxembourgish
data platform

public.lu

_ EU Open Data Portal
®.dados.gov
™ - Portal de dados abertos da Administracio Publica

LONDON DATASTORE Island.

Varying open data maturity levels

Be discoverable , co-locate documentation, be
measurable are universally challenging




er-centric principles in
ata.europa.eu

Football pitches

Ef= data.gov.uk

| Quality | | Similar datasets

Data

Distribution

Link to the data

age of football pitche:

s (1)

Plymouth Football Pitches - Plymouth 2016

Data showing the usage of football pitches in Plymouth b

include which da

Correct as of 2016.

Licence

Show less A

nisation. Det

tch is used and the structure of t ms which use it

Source: Plymouth City Council

Open Government Licence 3.0 @) Licensing Assistant

i

Dataset feed Linked data ¥ Cite ¥

y organisation, as recorded in

Publisher Name: Plymouth City Council

Catalogue Added to data.europa.eu: 12.10.2021

Record 07:01
Updated on data.europa.eu: 01.07.2022
05:04

URIref http://data.europa.eu/88u/dataset/football-
pitches

Show less A

Format Distribution added Actions

m Options v Download v  Linked data v

Grid | Graph

Name
AFC Ply
Edgecu
Ocean C...
SB Fran...
Signal B...

Ivybridge...

Ivybridge
Plymout
Ivybridge.

Ivybridge...

HMS Ral...
Devona...
SB Fran...
Argyle L
Horrabri
Plymout
Plymout

390 Record(s)

Sub Are...

Ground

Club ID
218,936
80,836

238,765
80,922

228,872
230,316
230,316
234,026
230,316
230,316
81,190

80,635

80,922

222,779
115,414
232,072
232,072

100

Team N...

1st

1st
First
u1s
u13
second
Thirds
First
First
Women
1st

st
U4
First
utt
u1ie
u1s

Adult m...

Adult fe...
¥

Q | Search data

Youth m... Youthfe... Youthm... Youthfe... MS7v7 (...

Go »

MS 5v5 (...

Team ID

1,217,915
11,024,550
11,698,063
11,635,564
11,660,036
11,466,317
11,467,870
11,464,314
11,466,316
11,467,871
11,024,985
11,022,893
11,651,902
11,272,293
11,633,096
11,645,394
11,596,957

Filters  Fields

Day Pla...
Sunday
Saturday
Saturday
Saturday
Saturday
Wednes.
Wednes
Tuesday
Wednes
Wednes..
Wednes..
Saturday
Saturday
Sunday
Saturday
Saturday
Sunday

Delimiter:  Comma

Adult m...

Adult m...

v Skip Rows:

Adult m...

Adult m...
1

0

Adultm...

Youth m...

Yi
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_ nature.com/scientificdata

OPEN B ACCESS Frealy available anline G PLOS | sutsaemens

11011
S C | E N T | I: | C D AT °|;|"J‘1:§ Ten Simple Rules for the Care and Feeding of Scientific f‘g*

Data

Alyssa Goodman', Alberto Pepe'®, Alexander W. Blocker', Christine L. Borgman®, Kyle Cranmer?,
Merce Crosas', Rosanne Di Stefano’, Yolanda ', Paul Groth®, Margaret Hedstrom®, David W. Hogga?,

C omment: Th e FAIR Gui d n g Vinay Kashyap®, Ashish Mahabal’, Aneta Siemiginowska', Aleksandra Slavkovic®

s Unsversity, Cambridge, Massachusetts, United ates of Armeric, 2 University of €, Loz Angeles, Las Angeles, Cabforris, Usted States of Amesca,  New
Yoek Urbwersiy, Mo Verk Mew Yark, Unkeed Ststes of Americs, & Universty of Southern Cabom, Los Angeles, Los Angeles, €aifoemss, United Sttes of Amesca, Skpe

Principles for scientific data e e S e e e
aracdens, Caidornia, Unied Seates of Americs, 8 Pemmzyhants Stte Ursversy, Stam Caliege, Pemzyvans, Unted Sotes of Amascs

management and stewardship imroducton
Mark D. Wilkinson et al.* FoIR=hailng ol TR s | stes | poces [ conctons | In ke caty 100, Gako Gad

Amended Addend um

OPEN

SUBJECT CATEGORIES
» Research data
» Publi

ion

characteristic sharing and reuse in mind i esentil, it
mquires 2 paradigm shift, Most people are

stll motivaned by piling up pullications and

pumed & tekwope towand Jupiter. In bis e of Galilen. Theoretical investigations by getfig to the nest one & so0n s possible

: ) . ) . . log baok each night, he drew toscale can create lage “data” sets throwgh  Bul, the mare we scientisy find oursches

There is an urgent need to improve the infrastructure supporting the reuse of scholary data. A diverse sehernuic diagrans of Jupiter and some i wikiing we el accns to extant g now
set of stakeholders—representing academia, industry, funding agencies, and scholary publishers—have A curated, informative and educational resource on data and metadata standards, inter-related to oddly moving e of light near

come together to design and jointly endorse a concise and measureable set of principles that we refer databases and data policies. Galiko Labeled
to as the FAIR Data Princples. The intent is that these may act as a guideline for those wishing to

enhance the reusability of their data holdings. Distinct from peer initiatives that focus on the human
scholar, the FAIR Principles put gpacific emphasis on enhancing the ability of machine;

Rutomatically HOW CAN WE HELP? or. Hisory y . ' .
find and useffilk data, in additilto suppar'.mq its rgise by individuals. This Comfffert s the first . . iz ool e d  date and weocia
formal pub n of the FAIR P@iciple: rationale b 50IME e Xer e e . " xa
Nwet? e o farch rep y, Ticersing, aitriln

1 good data man aqun\.rl
pal in itself, ¢

\,\an

Thu ..rrulruﬂer\ ..\hun guide to
the steps scientists can mke to

s the key condhit leading to k
ntegration and reuse

metadata Jata™ Sor

a

weather, and of the ok wal (0 create o processdats  Trstead, we present a shart guide nterled
1 community aﬁer the data publicstion process Llnfummate}-,- the existing digital ecosystem Create and maintain an interrelated list of citable standards. di ’ posiotiestorecommend . ¥ o we by "
§ Cmounding schalarly data prblicaton mieverte v fram extracing. maximum boneft form sur : a0 nsliin an s ted [t ot clabistondarce dalshares andpepcl ciriptions of method, i tial to f those data that for resesrehers who want to know why it
: n preven 2 ) your authors, users or their communi evise this recommendation over ti and concusions). Critically, when Galko  the code should almost be thought of 35 important 1o “care for and feod” data,
2 research investmerts (e.g, ref. 1). Partially in response to this, sdence funders, publishers and dedd the from those notes £ il data” deserintion of the |
| aancics e baginming 1 reuire dats mansgemont and cewardehip plans for dsta x ; e part of the *metadata” deseription of the  with some practical advice on bow to do
governmental age ginning 29 in Sidrew Naviss [1], thi integration of  data. Other times, the code wsed in 2 that, The fimal section 2 the dose of this
generated in publicly funded experiments. Beyond proper callection, annatation, and archival, data . ! ] ! .
text, data, and metadats was preserved, s vific study is more separable from the  work (Links o Usefl Resourced offers
H ﬁhewTdnﬁ;:wé: lrxludzsdlhedmt_mr;duffvlu;‘?-term care’ of va\uak_:le dwgn:l assl:ls, with the gual that Lhez shown in Figure 1. Galileo’s work ad- Jinks to the pes of services mferred to
= shoul iscovered and re-used for downstream inve either zlone, orin wit} d the “Scientific Revolution,” and A s e Iy to code just hroush I tex. Bold! letter:
: vanced the “Scientific Revolution,” and  and sharing principles apply tocode justas  throughout the text. Boldface lettering
3 newly generated data. The outcomes from good data management and stewardship, therefore, are ———————— w observation and andysis  well as they do t data. Tekow ighlights actions one can take 1o
1 high quality digital publications that facilitate and simplify thisongoing process of discovery, ewsluation, Researchers Developers & Curtors ibrarians & Trainers Socitis & Allances Funders ¢ shaping of S0 how do we go shout caring B and  follow the suggested rules.
: and reuse in downstream studies. What constitutes ‘gaod data management is, hawever, largely e method” 23] feading dua? Fxi work no doube,
H ;lﬁc":f;;?{:?;;ﬂ";iﬁf’ ‘.’Jd“"'“”f;;;:e:;fnrremi\wwuwr:r Therefore, b::glrémx mest research projecs are  asodatel with nunuring your dita, bt Rule 1. Love Your Data, and
: P complete when 3 joumal  care up front wil sve time and incese  Halo Others Love I, Too
: simple guideposts ta inform those who publish andfor preserve scholarly data, would be of great utility. article based on the analyis ha hee irsight Later, Even though agrowing mumber P
i This article describes four foundational principles—Findability, Accessibility, Interaperability, and and pullihed The toubk is,  of nseanchers, epecilly in brge collabora Dats management is a repeatplay
* Reusability that serve to guide data producers and publishers 2s they navigate around these unlike Galleo's report in Silmms Mowiw, o, know that conducting research with  game. If you take care to make your data
i obstades, thersby helping to maximize the added-value gained by contemporary, formal scholzry the amourt of real data and data descrip-
: digital publishing. Importantly, it is cur intent that the principles apply not only to ‘data’ in the tion "'];x*‘«" publications & abmoR o) pere A Bocker AW Bomgenan €1, Coanmer &, et o (201 4 Ten Sangle Aulesforthe Care
conventional sense, but also to the algorithms, tools, and workflows that led to that data. Al never sullicient to mpeal OF even SAUsl= o feeding of Scientic Data. PLoS Camput Biol 104 €1002542. dok 10127 ournal ok 1003542
: scholarly digital research objects’—from data to analytical pipelines—benefit from application of ang ]l";";‘””" Editon: Pl £ Boume, Universty of Calformis San Diega, United Staws of Amercs
i these principles, since all components of the research process must be availzble to ensure i band pon
© transpareny, reproducibility, and reusability. - I"’""ll‘“;"l el i the "";: "":"”‘m" I oot e ot
. ume often have trouble recowering ¢ Copyright: oad) ks b5 an 5 =
I There are numerous and diverse stakeholders who stand to benefit from overcoming these abstacles: asmociated with an atice afer it has s 7T o iere ik perms e uie dsriuson, s repraductan may e,
: researchers warting to share, get credit, and reuse each other's data and interpretations; professional publiched. Mare ofien than ssiendiis
H N N . x Fundi he -erved fic funding for wating
! data publishers offering their services; software and tool-builders providing data analysis and would The to admi, they cannot eve 1 [Re T ore WESed n2 Fechic Auning Brwiting s mansa
i processing services such as reusable workflows; funding agencies (private and public) increasingly recover the data asocised with theirown - Competing Interests The suthars haw dedamd ®1at no competng e et
: published works * £mat sbetapepedgmalzom
i Comespondence and requests for materials should be addressed to BM. (email: barend.mons @dts.nl).
I WA full list of authors and their affillations appears at the end of the paper.
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Dataset Reuse: Toward Translating

Principles to Practice
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THE BIGGER PICTURE The web provides access to millions of datasets. These data can have additional
impact when it is used beyond the context for which it was originally created. We have little empirical insight
into what makes a dataset more reusable than others, and which of the existing guidelines and frameworks,
if any, make a difference. In this paper, we explore potential reuse features through a literature review and
present a case study on datasets on GitHub, a popular open platform for sharing code and data. We
describe a corpus of more than 1.4 million data files, from over 65,000 repositories. Using GitHub’s engage-
ment metrics as proxies for dataset reuse, we relate them to reuse features from the literature and devise an
initial model, using deep neural networks, to predict a dataset’s reusability. This work demonstrates the
practical gap between principles and actionable insights that allow data publishers and tools designers
to implement functionalities that provably facilitate reuse.

Feature Description

Access

License

Format/machine readability

(1) consistent formet, (2) single value type per column, (3) human as well as
mashine readable and non-proprietary forma, (4)diferent formats available

References

le, (2) allows reuse WaC 3224547

WaC22248.50

Code available for cleaning, analysis, visualizations 513
Unique identifier PID for the datasetID's within the dataset waczss
Download link/AP! (1) available, (2) functioning wacazso

Documentation: Methodological Choices

Methodology

Units and reference systems

~ Is there any evide

original context. we nave lie empirical insignt into winat makes a dalasel more reusapnie tnan owmners ana
which of the existing guidelines and frameworks, if any, make a difference. In this paper, we explore potential
reuse features through a literature review and present a case study on datasets on GitHub, a popular open
platform for sharing code and data. We describe a corpus of more than 1.4 million data files, from over
65,000 repositories. Using GitHub’s engagement metrics as proxies for dataset reuse, we relate them to
reuse features from the literature and devise an initial model, using deep neural networks, to predict a data-
set’s reusability. This demonstrates the practical gap between principles and actionable insights that allow
data publishers and tools designers to implement functionalities that provably facilitate reuse.

1 INTRODUCTION

There has been a gradual shiftin the last years from viewing da-
tasets as byproducts of (digital) work to critical assets, whose
value increases the more they are used."? However, our under-
standing of how this value emerges, and of the factors that
demonstrably affect the reusability of a dataset is still limited.

At the same time, making data reusable to a diverse audience,
in terms of domain, skill sets, and purposes, is an important way
to realize its potential value (and recover some of the, sometimes
considerable, resources invested in policy and infrastructure
support). This is one of the reasons why scientific journals and
research-funding organizations are increasingly calling for
further data sharing® or why industry bodies, such as the Interna-

Biases/limitations

Data management
Documentation: Quality
Missing values/null values

Margin of error/reliability/quality control
procedures

Formatting
Outliers
Possible options/constraints on a variable

Last update

Completeness of metadata

Abbreviations/acronyms/codes

1 of tal setup
tools, etc.), link to publication or project

(1) defined, (2) consistently used

different types of bias (i.e., sampling bias)

(1) mode of storage, (2) duration of storage

(1) defined what they mean, (2) ratio of empty
cells

(1) confidence intervals, (2) estimates versus
actual measurements

(1) consistent data type per column, (2)
consistent date format

are there data points that differ significantly from
the rest

(1) value type, (2) if data contains an “other”
category

information about data maintenance if
applicable

empty fields in the applied metadata structure?

defined

Connections

Relationships between variables defined

Cite sources

Links to dataset being used elsewhere

Contact

(1) explained in documentation, (2) formulae

(1) links or citation, (2) indication of link quality

i.e., in publications, community-led projects

person or organization, mode of contact specified

Provenance and Versioning

Publisher/producer/repository

Version indicator
3,13,54,60,63,66

5467 Version history

Ethics
214969
704 Ethical considerations, personal data
Semantics
W3C22,48,49,59,60
Schema/Syntax/Data Model
54,65
Use of existing taxonomies/vocabularies
W3C41,65
22
W3Cr2

2162

49,54

(1) authoritativeness of source, (2) funding
mechanisms/other interests that influenced data
collection specified

version or modification of dataset documented

workflow provenance

(1) data related to individually identifiable

people, (2) if applicable, was consent 2157,71,75
given

defined W3Ca7,67
(1) documented, (2) link W3C2

2122

21,59

W3Ca1,73

21,49,54,59,74,

W3C50,66,76

W3Cs0,76
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2 awe data/ public-dataset: @Watch v 22k 7r Star 44k Y Fork 7.8k

<>Code (D lssues 46 11 Pullrequests € @ Actions (O Security | Insights

¥ master v} 2branches ©1tag Gotofile Add file ~ About

A topic-centric st of HQ open
@ caesar0301 Update README from APD2: 1b27cdacb8ad781e88093528d899¢28¢10410ac2 67098ds on Mar 11 D 740 commits datasets.

M Datasets Add titanic dataset 7 years ago & awesomedataworld.slack.com

[ LCENSE Update license copyright info. 6 years ago Spendate’} ({datesats)) Qesoncer

awesome-public-datasets

° [} READMErst Update README from APD2: 1b27cdaeb8ad781eB8093528d899¢28¢104f. last month
m Readme
° = READMErst

&8 MIT License

° Awesome Public Datasets
Releases
- E==0 D 1tags
NOTICE: This repo is automatically generated by apd-core. Please DO NOT modify this file directly. We have provided

a new way to contribute to Awesome Public Datasets. Join the slack community for more communication.

Packages

* @ am well

o @ please fix me.

rch or jump to Pull requests Issues Marketplace Explore
This st of a topic-centric public data sources in hid
user responses. Most of the data sets listed below

& datasets / covid-19 ®Watch ~ 76 ¥ str 11k % Fork 578

<> Code (D Issues 30 1 Pull requests (® Actions [T Projects [0 wiki © Security |22 Insights

¥ main ~  covid-19 / data / worldwide-aggregate.csv Go to file

~1.4 million datasets (e.g. CSV,
excel) from ~65K repos

?g@ actions-user Auto-update of the data packages Latest commit 5612b64 4 hours ago O History

A 3 contributors %@ ‘w *

Map literature features to both Size ERETIEE Attributes e

Q Search this file...

d ataset a n d re pOS ito ry featu reS Date Confirmed Recovered Deaths Increase rate

2020-01-22 557 30 17
2020-01-23 655 32 18 17.594254937163374

2020-01-24 941 39 26 43.66412213740458

U Se e n ga ge m e nt m et r i CS aS 2020-01-25 1433 42 42 52.28480340063763
proxies for data reuse

ull requests  Issues  Marketplace  Explore £ +- @-

@Watch v 76 ¥ star 11k Y Fork | 578

<> Code () Issues 30 17 Pull requests ® Actions. [ Projects [0 wiki © security 12 Insights

¥ main - B 1branch ©0tags Gotofile  Addfile~

Train a predictive model to see
what publishing guidance leads to

Reviews

Novel Coronavirus 2019 time series

5o actions-user Auto-update of the data packages s612b64 4 hours ago ) 1,046 commits data on cases
h Igh e r e n ga ge m e nt Va | u eS M githubworkflows {github-actions]ixs]: Change push branch from master” to ‘main’ 4 months ago & datahubio/core/covid-19
W data Auto-update of the data packages fiatzmet) Qdezpociaec)) Qecizenchoos)
-oronavirus covid-19 covid
M scripts [process-worldwide]s]: Make sure all values are compared as strings - ge o d
ovidis-data  coronavirus-disease
[ gitignore [checkpoints] xs: save data so it's easy to develop new flows.

8 Readme
[readmes]: Add build badge back 8 months ago

[data][xl]: Remove static data points, update data - refs #103 6 months ago
Releases

No releases published

COVID-19 dataset Packages

No packages published
Coronavirus disease 2019 (COVID-19) time series listing confirmed cases, reported deaths and reported recoveries.

Data is disaggregated by country (and sometimes subregion). Coronavirus disease (COVID-19) is caused by the Severe
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Recommendations for publishers

Table 6. Characteristics of the Dataset Corpus and for Four Groups of Reuse: 1 = Lowest Reuse, 4 = Highest Reuse

.
CO- I 0 Cate d 0 C u l I I e ntatl 0 n Type Characteristics Mean G1 Mean G2 Mean G3 Mean G4 Quantile G1 Quantile G2 Quantile G3 Quantile G4

README no. of words in 286.2 345.1 (£835.6) 541.9 801.9 [6.0, 48.0, 287.0) [15.0,125.0, [63.0, 250.0, [151.5, 416.0, 869.0]
README (+ 963.8) (£1,500.7) (+1,808.7) 380.8) 626.0]
(non-code related)”

[e) | nfo rm atlve , S h O rt text a bo ut th e d ataset no. of tables® 0.0(+0.5) 0.1(+ 0.6) 0.1(£186) 03 (222) 0.0, 0.0, 0.0] [0.0, 0.0, 0.0] [00,00,00] [0.0,0.0,0.0]

no. of code blocks® 0.9 (+3.5) 1.3(+42) 2.3(+6.1) 35(+8.1) [0.0, 0.0, 1.0] [0.0, 0.0, 1.0] [00,00,20] [00,1.0,4.0
no. of headers” 2.3(+ 4.1) 3.6(+586) 5.3(+7.9) 8.8 (+£54.6) [0.0, 1.0, 3.0 [1.0, 1.0, 5.0) (1.0,30,70] [2.0,6.0,10.0)
H H H no. of URLS® 6.0(+10.4) 8.1(+18.4) 12.8(+21.1) 252 (+1137)  [1.0,2.0,8.0] [1.0, 4.0, 11.0] [2.0, 80, 17.0] [6.0, 15.0, 28.0]
o CO m p re h e n S Ive R EA D M E fl | e I n a Stru Ctu red fo rm y no. of images® 0.3(£1.7) 0.7 (£5.5) 1.1(£48) 25(£6.1) [0.0, 0.0, 0.0] [0.0, 0.0, 0.0] [00,00,10] [00,1.0,3.0
Repository  repository size® 33,689.8 50,916.3 70,511.1 133,307.1 [580.0, 5,386.5, [1.230.0, [21745, [4,8965, 27,393.0,
. . . (+ 152,529) (& 194,154) (+225,835) (+423,076) 22,7802) 7,667.0, 14,557.0, 113,130.0]
links to further information sz
no. of open 1.1(£10.8) 2.0(£132) 6.4(£21.8) 381 (+1637) [0.0,0.0,0.0] [0.0, 0.0, 1.0] [0.0, 1.0,40] [0.0,5.0,25.0]
issues”
no. of closed 1.9(+13.5) 7.6(+31.7) 38.4(+130.8) 3747 [0.0, 0.0, 0.0] [0.0. 0.0, 3.0 (0.0, 2.0, 19.0] [2.0,25.0, 175.5]
issues” (+1,823.4)

I I description length®  6.2(+ 8.3) 7.7(£92) 8.9(£112) 956(£102) 0.0, 4.0,9.0] [2.0, 6.0, 11.0) [40,70,11.0] [40,7.0, 12.0]
0 - 0 Ca e 0 0 S ratio of data 8.2(+14.0) 7.1(+12.7) 5.4(+108) 36 (+8.7) [0.2, 2.3, 10.0] [0.4,2.2,7.7) [03, 1.4, 5.3] [0.1,0.7,2.8]

files per repository”™

age of repository 1,467.9 1,5613.4 1,627.7 1,7253 [1,067.0, 1,448.0, [1.093.2, [1214.0, [1.2565,
= = (days)” (+490.0) (£5452) (£592.3) (£653.0) 1,791.0] 1,453.0, 1,562.0, 1,628.0, 2,082.5]
o Standard processable file sizes for dataset T
ratio of problematic 0.3 (+2.7) 0.4(+2.8) 0.3(+28) 02 (+15) [0.0, 0.0, 0.0] [0.0. 0.0, 0.0] (0.0, 0.0,00] [0.0,0.0,0.0]
. . . files for a standard
distributions cont Pancas
Data File average size 309,999.4 337,453.3 532,206.8 248,120.4 [1,7320,7,017.0, [1.419.0, [1,692.0, [4,763.8, 28,315.0,
of data files [csv)" (+4,314,537) (+2,901,912) (+3,595,252) (+2,268,705) 33,942.0] 6,046.5, 10,398.0, 73,671.0]
. . . 53,402.0] 79,279.0]
o O ena b | ew Ith a Sta N d a rd CcO nf isur atl on Of a averagesizeof  426,555.6 528,430.2 360,737.8 330,846 20,4302, [20,287.0, 45,568.0, 16,8960, 34,462.0,
data files(xIs{x))" (£2,755,034.2) (+2,953,938) (£2,050,485.3) (+1,518,167.8) 305110, 147,138.5) 95,356.0]
83,968.0] 203,837.5]
1 no. of rows (csv)® 3,845.2 4,324.6 6,2216 30876 [41.0, 85.0,569.0]  [33.0, 79.0, [42.0, 147.0, [41.0, 118.0, 293.0]
common library (such as Pandas ey Lme, i, e, e

no. of columns 23.3(+340.0) 16.3(+376.5) 23.7(+524.6) 147 (£3632) [3.0,7.0,18.0 [2.0, 4.0, 7.0] [3.0, 6.0, [4.0, 11.0,11.0]

(csw)"” 13.0]

no. of rows (xis(x)) 1,337.2 400.4 324.2 1,105.0 [26.0, 84.0, 141.0]  [64.0, 86.0, [19.0, 31.0, [20.0, 46.0, 176.0]
(+22,013.9) (+10,184.4) (+8,992.9) (+16,615.8) 122.0] 52.0]

no. of columns 29.8 (+397.2) 36.2 (+531.0) 23.8(+155.0) 256 (+423.3) [6.0, 9.0, 16.0] [19.0,19.0, [9.0, 12.0, [6.0, 10.0, 15.0]

(dsfx)) 19.0] 16.0]

missing values 8.7 (+16.6) 7.2(+19.1) 10.5(+20.5) 13.0 (+13.6) [0.0, 0.0, 11.3] [0.0. 0.0, 0.0] (0.0, 0.0,11.7]  [0.0, 19.0, 19.8]

ratio (osv)®
Quantiles values are reported in the [xas, Xso, X75] format, where xas, x50 and x5 represent the 25th, 50th, and 75th quantile of a particular group's characteristic.
“Indicates statistically significant differences (o <0.05) of pairwise comparisons across all four groups.
“Denotes cases for which statistical significant difierences are observed between the values of groups 1 and 4 but not necessarily between the rest of pairwise comparisons.




Google Q_ football arrests england X ® D i Go gle football dataset X & @ Q
Q Al [ Images @) News [ Videos [M Boocks i More Tools
v Last updated ¥ Download format v Usage rights v Topic Free Saved data sets
About 4,670,000 results (0.35 seconds)
m DataHub.io
30 data sets found - https://datahub.io » collections » football
Qe < Football Data - DataHub.io

13 Dec 2017 — Football Data. A collection of awesome football datasets including national

Football-related arrests and teams, clubs, match schedules, players, stadiums, etc.

banning orders, England and... Football-related arrests and banning orders, England and Wales: 2021 to 2022 -
aggle
gOV-Uk season k https://www.kaggle.com > datasets » hugomathien> so... ¢
Updated Sep 22, 2022 European Soccer Database - Kaggle
EXP'Ofe at: The ultimate Soccer database for data analysis and machine learning. What you get: +25,000

matches; +10,000 players; 11 European Countries with their lead ...

. . 2 scholarly articles cite this dataset (View in Google Scholar;
Statistics on football-related y ( 9 )

https://www.kaggle.com » datasets » martj42 » internat... 3

arrests and football banning... Data set updated International football results from 1872 to 2022 | Kaggle

data.gov.uk Sep 22 2022 This dataset includes 44,341 results of international football matches starting from the very first
data.europa.eu p s official match in 1872 up to 2022.

+1more

Dataset provided by

Data.world

Can people find the data they-need?

MAYOR OF LONDON LONDONASSEMBLY

Datasets
Lo NDON DATASTO R E & L°gin https:/fwww.kaggle.com/hugomathien/saccer
European Soccer Database

Oct 23, 2016 — The ultimate Soccer database for data analysis and machine learning What you get

Data Analysis v Collaboration v COVID-19 Area Profiles Blog Guidance About Q +25,000 matches +10,000 players 11 European Countries with their lead championship Seasons 2008 ...

Licence: Open Database License (ODbL) v1.0 Format(s): zip
a
@ | Datasets https://www.kaggle.com/datasets/vivovinco/20212022-football-player-stats.
2021-2022 Football Player Stats

May 29, 2022 — Context This dataset contains 2021-2022 football player stats per 90 minutes. Only
- players of Premier League, Ligue 1, Bundesliga, Serie Aand La Liga are listed. 2022-2023 Football .
Topics football &

Licence: CC BY 4.0 Format(s): zip

(No further facets) Did you mean: footfall

https://data.world/data-society/european-soccer-data
European Soccer Data

Feb 1, 2023 — The ultimate Soccer database for data analysis and machine learning What you get:
+25,000 matches +10,000 players 11 European Countries with their lead championship Seasons 2008 ...

No datasets found
Formats

(No further facets)

Format(s): zip
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Analysis of logs and data requests
(2018)

* Four national open government data portals, 2.2 million queries (2013 - 2016), 1500 data
requests.

e Shorter queries, include temporal and location information.
* Explorative search.

» Native and external queries topically different.

 Data requests offer more context to user intent.
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Analysis of logs (2020 - 21)

844k sessions from 04/2018 to 06/2020, web search as well as Latest Reports AR
native search sessions from the European Data Portal B o e B et

28/09/2020

Location, provenance, format, licence, time frame and date, publishing 0 B e s car v
’

the search experience. This study presents current

date, location of publication and data schema

findings from key literature in dataset search. Read
more

Mostly web search, web search and native search users have different

information needs and different success rates

Latest Reports ) < n
Dataset preVieW page |S ImpOl’ta ﬂt Iﬂ Web Sea rCh Analytical Report 19: Understanding

supply and demand on the European
. Data Portal

Linking to stories and other content helps with traffic

vides a detailed analysis of the relationship between
supply and demand of datasets on the EDP Read more
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Recommendations for publishers

Spatial and
temporal
queries

Result
presentation

Two types of
users

More logs
needed!

Quality
reviews

Data stories
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1The csv file contains 225 records of stop and searches carried out by Greater Manchester [ 1. subtitle
B FORUM | UX MEETS Al - e, B 2 format
This forum provides a space to engage with the challenges of designing for intelligent algorithmic experiences. ]M mﬁFEbruaW 2017. |twwﬁ|ch give detail on the people stopped . 3. headers
We invite articles that tackle the tensions between research and practice when integrating Al and UX design. 5 2
We welcome interdisciplinary debate, artful critique, forward-locking research, case studies of Al in practice, - including ethnicity, gender {male/female) and age (ranges), the stop itself (including type, W 4. value types / ranges
and speculative design explorations. — Juho Kim and Henriette Cramer, Editors 3 4 &4 W5 provenance

Ux Df Data : M a ki n g Data Ava i la ble ?Ir.u:eltjorll long/lat) , legislation, object of search and whether it was part police operation (frueffalse)), 8. tempora_\ in_formalio.n

and the outcome of the stop. The majority of variables are complete for all records, however details 7. geospatial information

Doesn’t Make It Usable ; ; M & qualty statements

on botg gender and age range are missing for about 40 values each. In the majority of cases the [0 9. analysis / highlights

goutcome was that there was nothing found, in 55 cases the outcome was true and therefore action

was taken (e.g. suspect arrested)

Laura Koesten, University of Vienna, Elena Simperl, King's College London

ata plays an important
part in our daily lives.

It shapes how we view
the world and, for better
or worse, informs the

decisions we make.

Dx \p]tL controversies
~ swhat

is seen

omplex

with other people’s data? Using a
dataset beyond the context in which
it originated remains challenging.
Simply making data available, even
when following existing guidlines
Jnd best practices, does not mean
can be easily use d by |-t|nn

engagement _md generate value.
Thisis not aurprhlm' if we consider

the ability at a later point in time to
reproduce what happened. This is
especially the case as deep, exploratory
or data-curation work is often seen as
secondary to model design or machine

learning.
In our research, we learned a great

others have created. \\u explored
scenarios where these tasks were

Clicking on/indicating column or header (22)

Clicking on/indicating specific values (21)

O Indfiilating tab wit®itle (1 1
l ;e:lg; cell ahgéia L :

Action (Total)

Scrolling down (23) .

Scrolling right (24)

Scrolling down to last row (17)

.'.

Freezing a row/column i

Adjusting column width (

Number

Pamcwpam: E

[ [] L[] tributes
Analysis/dependencies
Format/shape

Headers
Location

thL co mp]L\ environment around data.  carried out by individuals as well as in Lo i Ol T G M () . e 6 0 0 o Coterthaplo Il Provenance/purpose
Jgaleis often carried teams of data professionals. Using both Sorting 2) | @ PY . Il Quality/uncertainty
¥, drawing upon qualitative and quantitative methods, M Time
ling domain we carried out several studies drawing Clicking to see formula (1) 1 @ b B Topictitie
- CS, thd science, upon a diverse range of data sources, Calculations (1) | @ ! °

and fairness in ensuring ln it the \dlm engineering, J[]d project management. including interviews, diaries, surveys, Fiteing (1) | @ ~
the data creates is shared as widely as While some data tasks are heavily and dlgual traces of user engagement ) :
possible. automated, others depend on people’s on data platforms such as Kaggle, Total Order of action

In our research over the past five judgments and their decisions on how GitHub, and open-data portals.
years, we have asked what makes and what to record, document, and Our initial exploratory studies
interaction and working with data analyze, and what to leave out. Similar were framed in theories about
unique for different types of audiences.  to other fields, there is a tension information seeking: We asked people

Data is increasingly available between the resources required to what their data tasks were—what they
online, for instance, in science and document each step in detail and did with data in their jobs, how they
government. Organizations invest in searched for it, how they evaluated s - - _ . Order of mention
infrastructure to share data internally and selected datasets as search
and with their partners. Machine Insights results, and how they explored and _
learning is heavily dependent on - We need better ways to record and understood data with which they were oo, e Type Stuctve]  [EVerios S| [Mesnoyakies Data attributes
the availability of datasets to train communicate that data represents not familiar.
algorithms, but creating these from only a perspective of reality. ‘We also used different forms of i
scratch comes with costs. Overall, it - There is no typical data user, just summarization (verbal and textual) ?nmsm Information
means that more and more data is used typical data tasks. Data tools need to  to document the cognitive processes - _ _ - Cool
outside the context in which or for provide better support for each task involved in data sensemaking. We
which it was produced—reuse is often in the data life cycle. asked people to describe and discuss Columns  Specific values  Strange things  Acronyms  Meaning of missing values
the best way to add value to the data - Interaction challenges fer making data they knew or data that was new to
and perhaps to recover some of the data usable include making data them, and identified common activity -
investment that went into publishing it understandable, supporting patterns [1]. We could distinguish _ _ -
and policy support. collaboration, managing changes, among three clusters: inspecting, —

But how comfortable are we with and facilitating different modes engaging with content, and placing data - Reproeeniaticces] [fTme|  |(Eoceton Crafularky
reading, interpreting, and working of access and user engagement in context. Our research suggests that

Provenance Study setup Purpose

INTERACTIONS.ACM.ORG MARCH-APRIL 2021 INTERACTIONS 97
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Conclusions
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We are at a crucial moment in data availability and use, online
and elsewhere.

There is an increasing body of evidence about what people’s
data needs and about how data is published on the web.

We don’t have links and we don’t always have great business
cases for creating and maintaining them on the open,
decentralised web. In fact, with the rise of generative Al we need
to re-think business models for open data publishing yet another
time.

Standards emerge and are adopted when they solve a real
problem. Technology can help rather than hinder and should
never take the centre stage.



Datasheets for Datasets

t Gebr

Jamic Morgenstern® Briana Vecehione* Jei Wo Wallach "
Hal Daumé 11 Kate Crawford '

Abstract We therefore propose the concept of datasheets for datases.
The machine leaming community has no stan- Inthe lectronics industry. every component is accompanied
dardized way 10 document how and why & dataset tandard operating characeristics
was created, whal information it contains, what est results, and recommended usage. By analogy. we rec.
tks 1 o e showi v b wedfoc and ommend that every datase be accompanied with a atasheet
whether i e any thial o el con- documening s motvaion e, composion,need
d maintenance. and other information. We
heats will increase transparency

and accountability in the machine leaming community

cerns this gap, we propose the con-
Copt ot dtashcts or dotaels. T h lectroncn
industry it s standard to accompany every com-
ponent with a datasheet providing standard oper- Section 2 provides context for our proposal. Section 3
discusss the evolution of safty standrds in other indus-
u tries, and outlines the concept of datasheets in electronics.
ommend tha every datase be accompa We give examples of questions that should be answered in
datasheet documentin is creaion, composition, dtashees T datasets in Secton 4, anddiscus chalonges
'"“‘"‘1“1 uses, maintenance, and other properties. and future work in Section 5. The appendix includes a more
asheets for datasets willfacillte beter com- complet proposal along with prototype datasheets for two
mnicuton betwen dtaset cretors and wer, well-known datasets: Labeled Faces in the Wild (Huang
and encourage the machine Ieaming community etal, 2007) and Pang and Lee’s poarty dataset (2004).
1o priritze transparency and accountability

2. Context

1. Introduction A foundational challenge in the use of machine learning s
systems in unsuitable environments. A
o some benchmark may say vy lte

0901

Machine learning is no longer a purely academic disci-
pline. Domains such as il st (Garvie o a1
2016: Systems. Andrews et al., 2006), hiring an
employment (Mann & O'Neil, 2016), critical infrastruc. 'M"”‘A'mrh“ systems can

L
ture (0 Connor, 2017; Chui, 2017, and finance (Lin, 2012)  amplify existing socital biases. For example, Buolamvini
“llmreasingly depond on achins earming mothods & Gebru (2018) showed that commercial gender cassifica-
tion APIs have near perfct performance for lighier-skinned
By definition, mach le: models are trained using males, while error rates for darker-skinned females can be
dta th choi of ats Fundamenialy nuences amodels e ¥

igh as 336%." Bolukbasi et al. (2016) showed that word
embeddings trained on news article exhibit gonder biacs,
finishing the analogy “man is to computer programmer as
woman is (0 X" with “homemaker.” a stereotypical role for
women. Caliskan et al. (2017) showed these embeddings

el where there Is a clear business
a case. More documentation

needed to make them useful
more widely.

80,

behavior. Howexer, there is no standardized way to docu
ment how and why a datasel was created, what information
it contains, what tasks it should and shouldn’t be used for,
and whether it might raise any ethical or legal concerns.

Proceedings of the 5 Workshop on Fairmess, Accountabiliy and.
Tranparecyin Macin Leaming, Soekolm, Sweden, PULR The evaluaied APLsalso provided th labels of emale and
right 2018 by the author male, filing o adress the complexities o  binary

The Data Cards Playbook USER GUIDE ACTIVITIES PATTERNS FOUNDATIONS

The Data Cards

Playbook

© Atoolkit for transparency in Al dataset documentation.
a




FEATURES OF HIGH-VALUE DATASETS

@ = Macro characteristics
@ = Mandatory technical requirements
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Smart Rural: The Open Data Gap

Johanna Walker'*, Gefion Thuermer”. Elena Simperl> and Les Carr?

University of Southampion,
* Tob

ing's College London

ohanna Walker(@soton.ac.uk

Abstract

‘The smat city paradigm has underpinned a great deal of the
use and production of open data for the benefit of policy
makers and citizens. This paper posits that this further
enhances the existing urban rural divide. Tt investigates the
availability and use of rural open data along two parameters:
pertaining to rural populations, and to key parts of the rural
economy (agriculture. fisheries and forestry). It explores the
relationship between key statistics of national / rural
economies and rural open data; and the use and users of rural
open data where it is available. It finds that although
countries with more rural populations are not necessarily
earlier in their Open Data Maturity journey. there is still a
lack of institutionalisation of open data i rural areas; that
there is an apparent gap between the importance of
agriculture to a country’s GDP and the amount of
agricultural data published openly: and lastly. that the smart
city paradigm cannot simply be transferred to the mural
setting. It suggests instead the adoption of the emerging
“smart region’ paradigm as that most likely to support the
specific data needs of rural areas.

Keywords — Open data; agriculture; European Data
Portal: rural open data;

1 Introduction

The urban-rural divide is one of the most well-known foci
of digital inequality (Vicente Cuervo & Lopez Menéndez,
2006). In comparison to their wban or suburban
counterparts, rural populations tend to experience gaps in
education. income. device availability, and mobile and
internet access. The Eurostat Rural Development Statistics
illuminate points of difference in underlying challenges in
rural and urban areas across issues such as health. housing
and education. which mean that the digital demands in each
of these domains in rural areas differ fromthose experienced.
in the urban setting

Twenty seven percent of EU citizens live in rural areas®. The
more densely populated EU member states have a very high
proportion of urban population. but the opposite is true for
many countries, especially in Eastern Europe. Over half of
Lithuanians and nearly half of Slovenians, Hungarians and.

* hitps lec ewropa e

Croatians live in rural localities. However, even n some
Western member states, such as Ireland and France over a
third of the population are classified as living rurally
Although in Western and Northem member states rural
living offers comparatively better housing and relatively
available employment. in Eastern. Southern and Baltic
member states, rural citizens tend to be among the poorest.
Being on the wrong side of the digital divide therefore is
exacerbated by rural poverty, and we argue, potentially
being excluded from the beneficial possibilities of open
data,

Cities and urban areas across both the Global North and
South have become avid users and sources of data in a
variety of ways, but generally under the umbrella term of
‘smart cities’. Conversely. the Rural Open Data Project’
states that, “few if any rural local governments provide open
data. and little 1s known about how open data affects rural
communities. If there 1s a benefit to comnmnities from open
data policies, it is likely that rural communities are
benefiting less than urban ones, if ar all” Yet data is
perceived to be so vital for cities and citizens that the Urban
Data Platform® project has the aim of speeding up the
adoption of common open urban data platforms and
ensuring that “300 million European citizens are served by
cities with competent urban data platforms, by 2025”. Open
data is at the very heart of the smart cities concept (Ojo et
al_2015)

In this short paper we attempt to define what rural data might
consist of and identify some dimensions of its availability
and use. We also engage with the smart city paradigm to
explore its use for mvigorating “smart rural’ open data.

2 Defining Rural

How to define ‘rural” is virtually a research area of its own.
As Wineman et al. (n.d. forthcoming) show, there are a
variety of ways to define rural, and the different definitions
affect certain indicators. Our approach is based on the
quotidien dictionary definition of ‘pertaining to the
countryside, those living in the countryside, or agriculture”
(Merriam-Webster, 2019). This therefore led s to explore
both population (those living in the countryside as defined

* hitps Jlec enropa ew/ewr
4

gev

Some data is missing, with

SErious consequences

* hitps ew-siracities ewinitiatives/68/description



find me a dataset of bus timetables in berlin

One possible source for a dataset of bus timetables in Berlin is the website of the Berliner
Verkehrsbetriebe (BVG), the public transport operator in Berlin. They provide various

datasets related to public transport, including timetables for buses, trains, and trams.

To access the BVG datasets, you can follow these steps:

. Go to the BVG open data website at https://daten.berlin.de/datensaetze?
amp%3Bfield categories tid=237&field categories tid=237.

~

Scroll down to the “Verkehrsdaten” section and click on “Fahrplandaten Bus, Tram, U-

Bahn, S-Bahn".

w

. Scroll down to the "Daten” section and click on "Fahrplandaten”.

4. You will be prompted to create an account or log in to your existing account on the
Berlin Open Data platform. Follow the instructions to create an account if you don't have
one already.

5. Once you are logged in, you can download the dataset for bus timetables in Berlin by

clicking on the "Daten herunterladen” button.

What are the main attributes in this CSV file: https://data.london.gov.uk/download/fires-in-
london---cause-of-ignition-is-white-goods/a2921da4-b1e4-4452-a54c-
86b2b4f341a7/Fires%20in%20white%20goods%20from%202009.xlsx

The file you provided is in XLSX format, but assuming it has been converted to a CSV file

with the same data, the main attributes in the file are likely to be as follows:

* Incident Number: A unique identifier for each fire incident.

* Date Of Incident: The date on which the fire incident occurred.

* Postcode District: The first part of the postcode for the location of the fire incident.

* Property Type: The type of property where the fire incident occurred (e.g., house, flat,

commercial building, etc.).

Property Category: The category of property where the fire incident occurred (e.g.,

dwelling, non-dwelling, vehicle, etc.).

White Goods Brand: The brand of the white goods appliance that was involved in the fire

incident (e.g., Hotpoint, Indesit, Beko, etc.).

* White Goods Model: The model of the white goods appliance that was involved in the
fire incident.

* White Goods Type: The type of white goods appliance that was involved in the fire

incident (e.g., fridge, freezer, washing machine, etc.).

Location: The location within the property where the white goods appliance was located.

Cause Of Ignition: The cause of ignition for the fire incident, which in this dataset is
limited to white goods appliances.
* Total Incidents: The total number of fire incidents that involved white goods appliances

for the given combination of attributes (i.e., brand, model, type, and cause of ignition)
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All metadata of data.europa.eu is stored as RDF triples (RDF) and can be queried using SPARQL query language at this endpoint. Queries can be
executed via the query editor (below) or via the machine-readable endpoint (https://data.europa.eu/spargl)

To assist users in constructing useful SPARQL queries we provide a page with featured sample SPARQL queries that can be executed via our endpoint.
Datasets and catalogues published as RDF triples on the portal follow the DCAT-AP specification. For further reading on the metadata ontology, please
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